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1 Partnership

1.1 Detailed list of participants

Permanent members on each side:

• Odalric-Ambrym Maillard (Inria, since 2015) is the principal investigator of the French partner,
and has been working on advancing bandit and reinforcement learning theory. From 2016 to 2021,
he was PI of the ANR JCJC project BADASS (BAnDits Against non-Stationarity and Struc-
ture), and from 2021 to 2024 of the French-Japan Associate Team RELIANT (Real-life Bandits),
both precursor to this project. Besides these foundation work, he pushes society-oriented appli-
cations around health-care and agroecology (see http://odalricambrymmaillard.neowordpress.
fr/research-projets). http://odalricambrymmaillard.neowordpress.fr.

• Aditya Gopalan (Associate Professor, Dept. of ECE, IISc, since 2014) is the principal investigator on
the Indian side. His research interests revolve around foundational aspects of machine learning, with
a focus on online and reinforcement learning, optimization and control, and statistical inference.
He has made contributions to the modeling, design and analysis of algorithms for bandits and
reinforcement learning such as Thompson sampling, Gaussian process-based black-box optimization,
and policy gradient methods. He has advised 4 students towards their Ph.D. dissertations in the
broad area of sequential decision making. He has also contributed to public health efforts undertaken
during the COVID-19 pandemic in India by way of designing testing and sampling strategies. https:
//ece.iisc.ac.in/~aditya

• Debabrota Basu (Inria starting faculty, since 2020) is a colleague of Odalric-Ambrym Maillard in the
Scool team, and also collaborating on the topics of designing safe and efficient algorithms for bandits
and reinforcement learning. Debabrota also carries out active research on the topics of privacy and
fairness in machine learning. He obtained ANR Young Researcher (JCJC) for working on the impact
of constraints and structures in bandits and reinforcement learning. He has also started the Inria-
Indian Statistical Institute Kolkata’s associate team (SeRAI) to concurrently study computational
and statistical efficiencies of distribution testing. https://debabrota-basu.github.io

• Shubhada Agrawal (Assistant Professor, Dept. of ECE, IISc, since 2025) is a colleague of Aditya
Gopalan in the ECE department at IISc, India. Her research lies at the intersection of sequen-
tial statistics and machine learning, developing rigorous methods for sequential hypothesis testing
and multi-armed bandits, with an emphasis on optimality, robustness, and finite-sample guaran-
tees. Shubhada has been actively collaborating with the researchers at the Scool group, INRIA,
Lille, since her visit to the team in 2022 as a PhD student. https://sites.google.com/view/

shubhada-agrawal

PhD students on each side (along with the work packages to which they are expected to contribute):

• Soumya Ghatak (PhD student, August 2023 - July 2028, IISc) is advised by Aditya Gopalan
and supported by the Ministry of Education (Govt. of India) scholarship. He is currently en-
gaged in developing reinforcement learning algorithms based on Wasserstein gradient flow ap-
proaches, and possesses a masters degree in statistics (work packages WP1A, WP1B ). https:

//soumyaghatak.github.io

• Aditya Siroutiya (PhD student, August 2025 - July 2030, IISc) is advised by Shubhada Agrawal
and is supported by the Ministry of Education (Govt. of India) scholarship. He is passionate about
the theoretical foundations of sequential learning with a particular interest in multi-armed bandits
and sequential hypothesis testing (work packages WP2A, WP2C ).
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• Alhad Sethi (Master’s student, August 2025 - December 2027, IISc) is advised by Shubhada Agrawal
and is supported by the Ministry of Education (Govt. of India) scholarship. He is currently en-
gaged in designing efficient and theoretically grounded sequential hypothesis tests in structured
environments (work packages WP1C, WP2B ).

• Adrien Prevost (PhD student, October 2024 - September 2027, PEPR Foundry) is co-advised by T.
Mathieu and O-A. Maillard under PEPR Foundry grant. He is working on extending robust bandits
to the setup of temporally structured multi-armed bandits (work packages WP1C,WP2A,WP2C ).
https://prevostad.github.io/Site

• Udvas Das (PhD student, October 2024 - September 2027, ANR Republic), is a first year PhD
student at Scool in Inria Centre at the University of Lille, and co-advised by D. Basu and O-
A. Maillard. His work focuses on impacts of constraints in sequential decision making, specifically
bandits and reinforcement learning (work packages WP1A,WP1B,WP1D ).

• Thomas Michel (PhD student, Octobre 2024- Septembre 2027, PEPR Foundry) is a second year
PhD student at Scool in Inria Centre at the University of Lille. He is supervised by D. Basu and
E. Kaufmann. His work focuses on impacts of robustness and privacy in bandits and sequential
hypothesis testing problems (work packages WP2A,WP2B ).

• Waris Radji (PhD student, October 2024 - September 2027, PEPR Foundry), is advised by O-
A. Maillard under PEPER Foundry grant. He is working on adaptation of bandit techniques to
continuous MDPs and deep reinforcement learning (work packages WP1B,WP1D ). https:

//warisradji.com

1.2 Nature and history of the collaboration

The Indian and French teams have a rich history of scientific engagement and collaboration dating back to
over two decades ago, in the broad areas of multi-armed bandits, Markov decision processes and statistical
methods.

A. Gopalan and OA. Maillard were colleagues during their postdoctoral studies at the research group
of Shie Mannor, Dept. of Electrical Engineering, Technion-Israel Institute of Technology. After returning
to their home countries, they continued to collaborate on problems of mutual interest in sequential decision
making, and were the recipients of an Indo-French IFCAM grant for collaborative research during 2016-
2017. This was followed by visits of A. Gopalan to the Inria Scool group and OA. Maillard to IISc on
other sponsored projects. Their collaboration has resulted in 3 joint articles along with their graduate
students – [18], [12] (AISTATS), and more recently [13] (COLT).

S. Agrawal visited the Inria Scool group for an extended period of 3 months in 2022, initiating fruitful
research collaborations with OA. Maillard and D. Basu. This has resulted in a joint article [2] (ALT). S.
Agrawal also collaborates actively with other members at Inria Scool such as Rèmy Degenne and Timothée
Mathieu.

Other joint articles of the team members include [25] and [28]. Both teams are leading experts in RL
theory, while using different, complementary approaches. In particular, they have a history on working
simultaneously on closely related topics, such as corrupted bandits, boundary crossing probabilities for
exponential families and more generally concentration of measure for sequential processes, and structured
(e.g linear, kernel) models of Markov decision processes.

One important motivation for creating this associate team is the common identification of similar re-
search challenges arising not only at the theoretical level but also at the computational level, which hinder
the practical availability of efficient allocation strategies. We feel that connecting on the mathematical
level with our complementary expertise on Sequential Statistics, including multi-armed bandit (MAB),
sequential hypothesis testing (SHT) and Markov decision processes (MDP) may significantly advance the
design of the next generation of cost-efficient sequential decision making algorithms.
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2 Scientific program

2.1 Context

Sequential statistical inference and decision-making encompass a broad family of problems, including
sequential hypothesis testing, identification, sample complexity analysis, and regret minimization. Unlike
classical (batched) statistical procedures that require the full dataset to be collected prior to decision-
making, sequential approaches evaluate data as it arrives, enabling adaptive and more efficient decisions.
Over time, a unifying information-theoretic perspective has profoundly advanced our understanding of
adaptivity in sequential decision-making. In particular, the development of instance-dependent lower
bounds [19], which characterize the fundamental limits of achievable performance, has emerged as a central
organizing principle. For each problem formulation, these bounds exhibit an optimization problem that
captures the best achievable allocation of information or sampling effort. Solving this problem yields both
the asymptotic form of an optimal allocation strategy and its associated performance cost, providing a
common foundation that connects adaptive hypothesis testing [3], multi-armed bandits [1, 31, 2, 24, 5, 10],
and regret minimization in Markov decision processes (MDPs) [29]. This generic viewpoint has led to
tight characterizations of optimal strategies in many structured bandit and reinforcement learning models
[24, 29, 8, 7, 32, 10], and recent extensions in continuous settings [30]. However, several fundamental
challenges remain.

First, the optimization problems underlying these information-theoretic bounds are often computa-
tionally demanding, and sometimes NP-hard. Consider, for instance, the standard (by-now) change-of-
measure or data-processing based information-theoretic variational problem underlying the Track-and-
Stop exploration algorithm for multi-armed bandits [16]. While it provides principled guidance on how
to choose the exploration distribution as a function of the underlying problem instance, the variational
problem as such is computationally challenging even for finite action spaces. Solving for optimal explo-
ration distributions is exacerbated further with large or continuous action spaces, and more generally
in MDPs [36, 7]. This motivates the search for computationally tractable surrogates with controlled
sub-optimality possibly considering alternative performance criteria [20, 26] and modern computational
methods for optimization over probability spaces such as optimal transport [33]. Further, even when
tractable, multiple asymptotically optimal strategies (e.g., KLUCB [9], Thompson Sampling [10]) may
exhibit markedly different finite-sample behaviors, such as variability in stopping times or concentration
properties. This requires developing the emerging non-asymptotic theory of these lower bounds [17]. A
related and somewhat overlooked question is how structural properties of environments, such as local sim-
ilarity, geometrical invariance and compositionality [21, 22, 4], can be exploited to revisit lower bounds
and efficient strategies.

Second, real-world applications increasingly require robust and privacy-preserving extensions of clas-
sical sequential models [6]. Recent advances in revisiting Wald’s classical stopping rules [35, 14, 34] and
adaptive experimentation in non-parametric [3], structured [15], and differentially private settings [27]
highlight the growing demand for reliable decision-making under uncertainty, privacy constraints, and
non-parametric or dependent data. Addressing these challenges calls for a new generation of models and
algorithms that combine structured inference, computational tractability, and robust performance beyond
the asymptotic regime.

The two objectives are the central focus of the FOSSIL project. We elaborate on them in next section.
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2.2 Objectives (for the three years)

Building on the recent advances outlined above, the FOSSIL project seeks to advance the theoretical and
algorithmic foundations of sequential decision making by addressing two complementary objectives (O)
organized into the following work packages (WP); We expect the two teams to contribute equally.

[Objective O1] Principled, computationally tractable surrogates for large reinforcement
learning problems. Real-world reinforcement learning problems exhibit large or infinite state/action
spaces, which does not permit theoretically grounded approaches based on tabular or finite MDPs to scale
well, in both the computational and statistical sense.
Continuous Bandits [WP1A] & MDPs [WP1B]: To design computationally tractable surrogates
that preserve the information-theoretic structure of optimal decision-making, we want to leverage modern
tools from the theory of optimal transport and Wasserstein gradient flow over distribution spaces, and
their associated mean-field particle discretizations. We will develop this approach for non-contextual and
contextual bandits (WP1A) before moving to MDPs (WP1B). These formulations will serve as a founda-
tion for developing particle-based and gradient-flow approximations that translate idealized, continuous
dynamics into scalable algorithms. Non-asymptotic analysis and relaxation [WP1C]: To bridge
the gap between asymptotic theory and realistic, data-limited settings, we aim to study non-asymptotic
variants of the underlying optimization problems revisiting the very notion of optimality (following emerg-
ing notions of lenient or satisficing criteria) and relaxing strict optimality to avoid NP-hard formulations

while retaining theoretical interpretability. Geometric, compositional structure [WP1D]: Com-
plementarily, we propose to investigate how structural properties of environments, such as local similarity
and compositionality, can be exploited to achieve improved sample efficiency and principled generalization
across related tasks.

[Objective O2] Performance and robustness beyond classical models. The second objective
focuses on performance guarantees and robustness in sequential inference and learning. Classical for-
mulations (e.g., Wald’s sequential tests or asymptotic regret bounds) capture expected performance but
overlook variability, fairness, privacy, and distributional robustness, which are critical in modern data-
driven applications such as large-scale A/B testing or adaptive experimentation.

Test Selectivity [WP2A]: We plan to study the beyond-expectation behavior of sequential proce-
dures, including the distribution of stopping times, variance, and concentration properties, to comple-
ment understanding of their finite-sample performance and offer better selection properties for the prac-
titioner. Privacy-Efficiency tradeoff [WP2B]: We propose to design privacy-preserving and robust
sequential testing methods that extend recent advances in differentially private hypothesis testing to com-
posite, non-parametric, and dependent-data settings. These investigations will ultimately contribute to a
broader theory of robust sequential inference suitable for high-stakes or sensitive real-world environments.
Temporal structure [WP2C]: Sequential learning is often used under temporal constraints, such as
when decisions must come in a batch or group-sequential way, or when handling systems that exhibit
autonomous dynamics. We plan to explore how to adapt the methodology for bandits and hypothesis
testing to such settings.
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2.3 Work-program (for the first year)

In year 1, we mainly focus on advancing WP1A and WP2A, which we detail below. We also expect early
progress on WP1C with SA, AS and WP2C with OAM, AP.

Problem WP1A: Computationally Tractable surrogates for Continuous Bandits, more
precisely Exploration via particle Wasserstein gradient flow for contextual bandits. We aim to
tackle the following problem: Given a bandit problem with a continuous action (or policy) space, design
an action-sampling algorithm which, when run with an appropriate stopping rule, reliably identifies an
ϵ-optimal arm (or policy). The sampling algorithm must be based on computationally tractable primitives
and come with guarantees on its statistical efficiency (sample complexity) with regard to an oracle that
employs an information-theoretically optimal sampling strategy (originating from, say, standard change-
of-measure considerations [16]).

• Methodology: We first obtain an appropriate information-theoretic lower bound, for contextual
bandits, on the sample complexity of finding a (near) optimal arm (or more generally a policy),
typically expressed as an optimization over the space of exploration distributions, see e.g., [16]
for the case of non-contextual bandits. The next step is to view this measure optimization as
taking place in the Wasserstein space of probability measures, and derive an idealized gradient
flow, in continuous time, that converges to the optimal exploration distribution. We then aim
to approximate this ideal continuous-time continuous-space evolution using ideas from mean-field
approximations to Wasserstein gradient flow [11], to yield computationally tractable schemes that
perturb each member of an empirical population with the Wasserstein gradient velocity vector at its
location to gradually move the population distribution towards the optimal exploration distribution.

• Participants: Aditya Gopalan (AG), Odalric-Ambrym Maillard (OAM), Debabrota Basu (DB),
Shubhada Agrawal (SA), Udvas Das (UD), Soumya Ghatak (SG)

• Planned exchange and visits: This activity is initiated and driven in Year 1. UD & OAM plan to
travel from France to India in Year 1.

Problem WP2A: Beyond expected performance: moderate and large deviations for opti-
mal sequential tests. Sequential hypothesis testing (HT) is the most fundamental setting of sequential
learning. These questions were addressed in the sequential HT setup for certain parametric problems in
the classical works such as [35, 14], and more recently, by [3] for composite and non-parametric prob-
lems. To uncover the robustness of optimized sequential tests, we aim to address the question: Given a
collection of statistically optimal sequential tests, which one must ultimately be chosen?

• Methodology: While many tests may have the same expected sample complexity, their behavior
can vary significantly along individual sample paths. We aim to analyze properties of the random
stopping times of optimized sequential tests, such as their variance, concentration around the mean,
and central limit behavior. Some progress has been made on this front in classical literature on
simple and parametric HT framework (cf. [23, 34]). Building upon these as well as recent work [3],
we will design sequential tests that exhibit not only good average performance but also desirable
path-by-path guarantees, making them more reliable in practice.

• Participants: Shubhada Agrawal (SA), Odalric-Ambrym Maillard (OAM), Aditya Gopalan (AG),
Aditya Siroutiya (AdS), Adrien Prevost (AP)

• Planned exchange and visits: This project will be initiated and driven in Year 1. SA will travel
from India to France in Year 1. OAM will travel from France to India in Year 1.
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3 Data Management Plan

Within the FOSSIL project, we plan to work on designing sound principled methods and collaborate at
the fundamental level. The code of the algorithms linked to the published research articles issued from
the project will be made publicly available on an open repository (e.g. github), as per the communication
standards of the community. No critical data is expected to be considered.

4 Budget

4.1 Budget (for the first year)

Researcher Name Status Funding Mission Estimated cost Objective

S. Agrawal Researcher CEFIPRA 14 days, Spring 2026 4,009k WP1A,WP2A

IISc India to France

A. Sethi Ph.D. CEFIPRA 90 days, May-July 5.667k WP2B
IISc France to India

OA Maillard Researcher Inria 15 days, Fall 2026 4.3k WP1A,WP2A

Inria France to India

U. Das Ph.D. Inria 90days, July-Sept 5.7k WP1A
Inria France to India

Total budget request for year 1 (Inria funding): 10k
Total budget request for year 1 (DST-CEFIPRA funding): 9.7k This budget is consistent with the

strict guidelines from document https://cefipra.org/Docs/DSTI-GLine-International-Travel.pdf.

Total amount of co-funding (please specified if the co-funding has been secured or just applied to):
D. Basu’s travel till 2027 will be partially funded by ANR Republic. U. Das’s PhD is funded by the same.
T. Michel, A.Prevost and W. Radjis’ PhDs are funded by PEPR Foundry. PhD is O.-A. Maillard has
applied for an ANR and D. Basu is further applying for ERC grants which would fund a Phd student and
partially fund the last years’ of travel, if successful (see 4.3).

Master’s and PhD students from India are supported by a fellowship from the Ministry of Education
(Govt. of India). Shubhada Agrawal’s research is being supported in part by the start-up (seed funding)
grant by IISc, INSPIRE Faculty Fellowship by the Department of Science and Technology (Govt. of
India), and the Pratiksha trust young investigator award, IISc.

4.2 Tentative Budget for second and third year

After the first year of the project, we expect to spend more time working in Year 2 on WP1B, WP1C,
as well WP2A, and WP2C. In Year 3, we will focus more on WP1D, WP2B and WP2C. We expect to
involve new PhD students joining the two teams. We aim to balance visits from France to India and from
India to France.

Year 2 estimated budget for Inria: 10k
We expect at least 2 weeks visit from France to India and 3 weeks from India to France. Estimated

cost: 5.4k (CEFIPRA) and 4.3k (Inria)
We also expect one longer visit (3 months) by one PhD student from IISc, and one PhD from Inria

to visit IISc. Estimated cost: 5.7k (CEFIPRA) and 5.7k (Inria)
Year 3 estimated budget for Inria: 10k
We expect at least 2 weeks visit from France to India and 2 weeks plus 3weeks from India to France.

Estimated cost: 9.6k (CEFIPRA) and 4.3k (Inria).
We also expect one longer visit (3 months) by one PhD student from IISc, and one PhD from Inria

to visit IISc. Estimated cost: 5.7k (CEFIPRA) and 5.7k (Inria)
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4.3 Strategy to get additional funding

The work on instance-dependent lower bounds and robustness will be partly supported by the PEPR
Foundry. PEPR Foundry funds two PhD students that participate to the project. On the French side,
OA Maillard and colleagues are preparing an ANR grant proposal that should fund a PhD student on
a relevant parts of the project. In order to complement the funding of the associate team, we intend
to resort to the Raman-Charpak Fellowship of Campus France implemented by the Indo-French Centre
for Promotion of Advanced Research. This is open for IISc PhD students to visit French Institutes and
hosting the French Masters & PhD Students at IISc, hence especially complementary to the associate
team. Last, and crucially, by strengthening our collaborations during Year 1 of the project, we expect to
apply for a CEFIPRA grant (submission next August). This will directly enable to hire and co-supervise
PhD students and Postdoctoral fellows, hence considerably expand the impact and ambitions of the
FOSSIL project.

A. Gopalan and colleagues, on the Indian side, separately plan to seek out funding for supplementing
the thrusts in the FOSSIL project via grant calls anticipated from the India AI mission on foundational
ML and AI. This can be strengthened also via grant proposals planning to be submitted to the recently
initiated Anusandhan National Research Foundation’s (ANRF) Advanced Research Grant (ARG) scheme
from 2026 onwards.

5 Added value

On both sides, the project will directly benefit the PhD students and early-career researchers involved, by
exposing them to complementary research cultures and by fostering collaboration on shared theoretical
questions from different methodological angles. The associate team will provide a fertile environment for
exchanging ideas, co-supervising young researchers, and consolidating a joint scientific community around
the emerging theory of structured and non-asymptotic sequential learning.

Inria – Scool team: The Scool team has long-standing expertise in bandit algorithms, reinforce-
ment learning, and sequential decision-making, with strong contributions to the information-theoretic
understanding of exploration–exploitation trade-offs and the design of adaptive strategies. Over the past
years, Scool has also increasingly engaged with applications of adaptive experimentation in science and
engineering. The collaboration will reinforce these directions by creating a dynamic space for confronting
viewpoints, sharing technical advances, and co-developing unified frameworks that bridge statistical in-
ference and control. Beyond the scientific outcomes, the partnership naturally extends long-standing
informal interactions between both groups and will accelerate ongoing efforts toward a more principled
theory of non-asymptotic and structured learning.

Indian partner team: The Indian group has complementary strengths in theoretical statistics,
information-efficient bandit algorithms, and sequential inference under structural or robustness con-
straints. Their work combines statistical precision with algorithmic insight, often focusing on fine-grained
finite-sample analysis and information-theoretic optimality. Collaborating closely with Scool will provide
a stimulating environment to confront and refine shared ideas, to explore unified viewpoints on open prob-
lems in reinforcement learning and structured bandits, and to build a coherent transnational research axis
at the interface of statistics and control.

Overall, the associate team brings together two groups that have been evolving along parallel paths
for years. Joining forces will both accelerate theoretical progress and strengthen the visibility of this line
of research within the international community.
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6 Previous Associate Teams

The French investigator O.-A. Maillard has been PI of the French-Japan Associate Team RELIANT
(2021-2024) between Inria Lille and University of Kyoto, Link, co-headed with J. Honda (U. Kyoto).

The French co-investigator D. Basu is PI of the Indo-French Associate Team SeRAI (2025-2027)
between Inria Lille and Indian Statistical Institute, Kolkata, Link, co-headed with A. Ghosh and S.
Chakraborty (ISI Kolkata)

7 Impact

The proposed associate team FOSSIL addresses fundamental challenges that are also of high practical
relevance across multiple application domains where decisions must be made sequentially under uncer-
tainty. The theoretical advances expected from this project, particularly in designing computationally
tractable, data-efficient, and privacy-preserving algorithms, have strong potential for transfer to industry
and applied research settings:

A first area of impact concerns adaptive experimentation , which is central to modern data-driven
innovation in the life sciences and medicine. Sequential decision methods can dramatically accelerate clin-
ical trials, drug testing, and agroecological field experiments by adaptively reallocating resources toward
promising treatments or conditions while maintaining rigorous statistical guarantees. In agroecology, such
approaches could guide the design of adaptive trials for sustainable crop systems or precision-farming in-
terventions, improving both efficiency and reproducibility. In healthcare and biomedical research, robust
and privacy-aware sequential testing methods developed under Objective O2 could directly enhance the
reliability of personalized medicine protocols or digital health monitoring, where data arrive continuously
and confidentiality is essential.

Beyond the life sciences, the project’s outcomes are expected to impact industrial optimization

and digital experimentation at large, ranging from A/B testing and online recommendation sys-
tems to autonomous systems control and robotics, where exploration–exploitation trade-offs and non-
asymptotic robustness are key. The collaboration’s emphasis on computational surrogates (Objective
O1) and non-asymptotic performance guarantees (Objective O2) naturally aligns with the needs of these
data-intensive sectors.

The team will promote the dissemination and reuse of its findings primarily through open and repro-
ducible research practices, including the publication of theoretical results, open-source prototypes, and
benchmark datasets. While the project remains fundamentally academic, its methodological advances,
especially in adaptive experimental design, non-asymptotic optimization, and privacy-aware decision pro-
tocols, bear natural relevance for data-driven applications in agroecology, biomedical research, and public
health, with whom each PI has led interdisciplinary connections. These domains increasingly rely on
sequential, uncertainty-aware decision-making to optimize experimental resources or interventions. In
this context, the project’s developments could eventually inform collaborations with public or private ac-
tors engaged in adaptive experimentation in life sciences and beyond, without departing from the team’s
primarily scientific and exploratory mission.

By bridging theory and practice in sequential inference and reinforcement learning, this collaboration
is poised to advance both the foundational understanding of adaptive learning and its practical deployment
in socially and economically critical domains.

8 Intellectual Property Right Management

8.1 Background

There is no intellectual property but the one represented by the published articles available publicly as
per the standards of the community.
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8.2 Protective measures

None is required. We expect to publish articles jointly and release them in proceedings of international
conferences or journals of the field.

9 Ethical Issues

Working on making bandits and RL strategies more applicable naturally aligns with taking into account
ethical issues. Establishing mathematically sound strategies with performance guarantees in realistic
scenarios under small-data is indeed a crucial way to tackle the ethical issue of recommending actions or
treatments in real-world applications, leading to certified algorithms in the context of Trustable AI. On a
different point, fairness is directly considered in one work package. Further, we conduct this research at
a fundamental level first, while interacting in our respective lab with expert practitioners in health-care
and agriculture to minimize ethical issues raised by directly applying RL in practice. Last, we expect
communications with Inria Coerle on specific points.

10 Others
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�ಾರತೀಯ ವಿ�ಾನ ಸಂ� ಥೆ್ 

�ೆಂಗಳ�ರು 560012, (�ಾರತ) 

भारतीय �वज्ञान संस्थान 
बैंगलोर 560 012, (भारत) 
Indian Institute of Science 
Bangalore 560 012, (India)
Telefax :  080-23600757,  Ph:  22932440/444 
Email : registrar@iisc.ac.in 

 

Regr(ECE)/IFCP Proposal/59/2025  10th  October 2025 

Certificates from the Heads of the Institutions of the Principal 
Collaborators from India/France 

In order to result in effective, long lasting interactions between scientists of the two 
countries, it is desired that collaborative programmes supported by DST-INRIA should 
correspond to scientific interests of all collaborating laboratories, and not only to those of 
isolated investigators from these laboratories. For this reason, heads of collaborating 
laboratories are requested to commit themselves, by verifying that the proposed programme 
corresponds effectively to a major interest of the group they are responsible for, and by 
indicating the amount of resources (in terms of recurring expenses, equipment and 
manpower) allocated to the project from their own budget. 

Project Title: 

(1) Certified that this institution agrees to the participation of ADITYA GOPALAN,
ASSOCIATE PROFESSOR in this Institution as Principal Collaborator from India
for the above project which is being submitted for support to DST-INRIA
programme.

(2) Certified that the infrastructural facilities related to the project activity available in
this institution including equipment, manpower and other facilities, and all
necessary administrative support will be extended for the project.

(3) This institution assumes to undertake the management of financial and other
responsibilities of the part of the project work which will be conducted in this
country.

Place: Bengaluru 
Name & Signature of the 
Head of the Institution 

Capt Sridhar Warrier (Retd) (Oct 13, 2025 15:19:21 GMT+5.5)

mailto:registrar@iisc.ac.in
mailto:registrar@iisc.ac.in
https://in1.documents.adobe.com/verifier?tx=CBJCHBCAABAAVaJjIJFLUhElPh0ra-dKqGquhOOcngaW


Inria centre at the University of Lille  
Parc scientifique de la Haute-Borne  
40 avenue Halley - Bât. A - Park Plaza  
59650 Villeneuve d'Ascq - France 
Phone: +33 (0) 3 59 57 78 00 

www.inria.fr/en 

 Certificates from the Heads of the Institutions of the Principal 
 Collaborators from India/France 

fn order to result in effective, long lasting interactions between scientists of the two countries, it is desired that 
collaborative programmes supported by DST-INRIA should correspond to scientific interests of all collaborating 
laboratories, and not only to those of isolated investigators from these laboratories. For this reason, heads of 
collaborating laboratories are requested to commit themselves, by verifying that the proposed programme corres-
ponds effectively to a major interest of the group they are responsible for, and by indicating the amount of 
resources (in terms of recurring expenses, equipment and manpower) allocated to the project from their own 
budget. 

Project Title: Foundations of Structured Inference and Control with Non-asymptotic Sequential Learning  (FOS-SIL) 

(1) Certified that this institution agrees to the participation of Odalric-Ambrym Maillard, Chargé de recherche
Inria in this Institution as Principal Collaborator from India for the above project which is being submitted
for support to DST-INRIA programme.

(2) Certified that the infrastructural facilities related to the project activity available in this institution including
equipment, manpower and other facilities, and all necessary administrative support will be extended for
the project.

(3) This institution assumes to undertake the management of financial and other responsibilities of the part of
the project work which will be conducted in this country.

Date:10/10/2025

Place :Villeneuve d'Ascq       Stéphane Huot,  
  Director of Inria Center at the 

  University of Lille 

Signé électroniquement par
Stephane HUOT

Le 09/10/2025 à 19:22


	Partnership
	Detailed list of participants
	Nature and history of the collaboration

	Scientific program
	Context
	Objectives (for the three years)
	Work-program (for the first year)

	Data Management Plan
	Budget
	Budget (for the first year)
	Tentative Budget for second and third year
	Strategy to get additional funding

	Added value
	Previous Associate Teams
	Impact
	Intellectual Property Right Management
	Background
	Protective measures

	Ethical Issues
	Others
	References
	Joint publications of the partners
	Main publications of the participants relevant to the project
	Other references

	Letter of Intent

